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The Rolling Bearing Fault Diagnosis Method Based on ASTFA De-noising and AKVPMCD
Yang Yu Li Zizhu He Zhiyi
State Key Laboratory of Advanced Design and Manufacture for
Vehicle Body, Hunan University, Changsha,410082
Abstract: A new rolling bearing fault diagnosis method was proposed. ASTFA method was ap-
plied to the vibration signal de-noising for the first time. Aiming at the defects of KVPMCD(Kriging

Cheng Junsheng

model variable predictive model based class discriminate) method that was chosen one of the best re-
lated model only and the other correlation models’ contribution to the prediction accuracy was ig-
nored,an improved KVPMCD pattern recognition algorithm AKVPMCD was proposed, the AFSIA
(artificial fish swarm intelligence algorithm) which had high convergence speed, strong robustness
and global optimization ability was used to optimize a variety of Kriging models,so as to improve the
prediction precision. On the basis of above, a new fault diagnosis method of rolling bearings was pro-
posed based on ASTFA de-noising and AKVPMCD. The experimental results prove that this method
can improve the precision of classification recognition effectively.

Key words: adaptive and sparsest time-frequency analysis (ASTFA) de-noising; artificial fish
swarm algorithm optimizing fusion Kriging model variable predictive model based class discriminate
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