hOE HL A TR

CHINA MECHANICAL ENGINEERING

429 % 8 23 )
2018 4F 12 A

Vol.29 No.23
pp.2845-2849

TR A 18 N A 2B HEPE R SE Y
BAEALAR 25 B PP 7 1%

EFM SR
LIAF IR KRFIMIALYE AIFR,45M,121000
2R RFIMIEZLS gshtLF R, kM ,110819

WE. AT FANHENARGEEEN TR TFN  REBXENAEZEETUNHE.RET LA TR
Kfe AE RAYZEMIEL ZA(ANFISO WM 7k, RAKREWE FTHEAAESN CHEREL LS
WA BER 5, 2R ANFIS ¥ J 69l 4 M A £ ;2 5 % F ANFIS #93F M AL A, 38 13 4 9 4
HARE T T A3 A RAEMILR K TR AN 15 A7 69 B Fo R UM AT 3R 0 45 R 69 % 0h 5 DI 45 UG 69 R AR
ATHATHENHAGAERIERL, REARNRBG RN T E SR ENRGEE FERITEG M. RIET
R e U I A

KRBT AR HLIK s S 2 R8s BOR) C ME s F e S HERE R 42

FESES . TH162

DOI:10.3969/j.issn.1004-132X.2018.23.011

Evaluation Method of CNC Machine’s Green Degree Based on
Clustering and ANFIS

WANG Yugang' XIU Shichao?
1.School of Mechanical Engineering and Automation, LLiaoning University of Technology,
Jinzhou, Liaoning, 121001
2.School of Mechanical Engineering and Automation, Northeastern University,Shenyang,110819

Abstract: To realize the intelligent evaluation and improve the prediction accuracy of CNC
machine’s green degree, an evaluation method of CNC machine’s green degree was proposed based on
clustering and ANFIS, Clustering algorithm based on FCM and improved particle swarm optimization
were used to accomplish adaptive classification of samples and generate a training sample set for AN-
FIS learning. The fuzzy rules were automatically generated based on training results in order to elimi-
nate effects of the fuzziness and randomness of the indicators. After training, the model might make
inference about evaluation samples. Finally, with the experiments of the CNC machine’s green degree
evaluation, the effectiveness of the proposed method was demonstrated.

Key words: CNC machine; green degree; particle swarm; fuzzy C-means(FCM) ; adaptive neural-
fuzzy inference system (ANFIS)
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Tab.2 Data sets information
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Tab.5 Quantized values of evaluation samples
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Tab. 4 V., of datasets under different clustering number
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Tab.8 Result of testing samples
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