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Research Review and Prospect of Characteristic Parameters

Prediction Methods for Welding Robot
WU Yueyu'*, ZHANG Gong', LIN Qunxu®, HOU Zhicheng', YANG Wenlin',
LIU Shengxiang®, XU Qunhua'?, ZHANG Yuhang'
(1. Guangzhou Institute of Advanced Technology, Chinese Academy of Sciences, Guangzhou Guangdong
511458, China; 2. College of Rail Transit, Wuyi University, Jiangmen Guangdong 529020, China)

Abstract: Welding robot can greatly improve the working conditions of workers and increase productivity, and the key to ensure
the quality of weld forming is to choose reasonable characteristic parameters for the welding robot. The influence of key characteristic
parameters on welding quality in the welding process of welding robot was analyzed. The different parameters prediction methods and the

parameters characteristics were analyzed and reviewed. The development trend of the characteristic parameters prediction methods for

welding robot was prospected, and the future research direction was put forward.
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